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Image Captioniilg Based on Dual Refined Attention

CONG Lu-Wen
(College of Computer Science and Technology, China University of Petroleum, Qingdao 266580, China)

Abstract: Image captioning is an important task, which connects computer vision and natural language processing, two
major artificial intelligence fields. In recent years, encoder-decoder frameworks integrated with attention mechanism have
made significant process in captioning. However, many attention-based methods only use spatial attgntipn mechanism. In
this study, we propose a novel dual refined attention model for image captioning. In the proposed model; we use not only
spatial attention but also channel-wise attention and then use a refine module to refine the image features. By using the
refine module, the proposed model can filter the redundant and irrelevant featﬁres in the attended image features. We
validate the proposed model on MSCOCO dataset via various evaluaﬁon metrics, and the results show the effectiveness of
the proposed model. ‘

Key words: image captioning; spatial attentiongchannel-wise attention; Long Short Term Memory (LSTM); computer

vision
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