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Affinity Propagation Clu\stering‘Based on Teaching Learning-Based Optimization

MA Pian-Pian, ZHANG Xin—‘Gang, LIANG Jing-Jing

(School of Computer and Information Technology, Nanyang Normal University, Nanyang 473061, China)

Abstract: Aiming at the limitation of the clustering effect caused by the preference and damping factors in Affinity
Propagation (AP), a Teaching and Learning Based Optimization (TLBO) algorithm is proposed. First, the search space of
parameter p is determined, and then the TLBO algorithm is used to find the optimal parameter value in the search space.
At the same time, the damping factor is automatically adjusted to prevent numerical oscillations during the clustering
process, so as to improve the clustering quality of AP algorithm. The experimental results show tl@lat.‘.the algorithm can
effectively solve the problem caused by preference and damping factors, improve the contour coefficient of clustering,
and reduce the clustering error rate. X
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