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Semantic Segmentation of High Resolution Remote Sensing Image Based on Deep Learning

SHANG Qun-Feng, SHEN Wei, SHUAI Shi-Yuan
(School of Information Science and Technology, Zhejiang Sci-Tech University, Hangzhou 310018, China)

Abstract: High-resolution remote sensing images contains rich geographic information. At present, the semantic
segmentation model based on the traditional neural network cannot extract the features of small and f’ne&ium—sized objects
in remote sensing images, resulting in high segmentation error rate. This study Proposes @ methodibased on the connection
of encoder and decoder structure features to improve the DeconvNet netwonk model The model can retain the spatial
structure information by recording the location of the pool index and applying it to the upper pool when being encoded.
During decoding, the model can effectively extract features by conneéting the corresponding feature layer of encoder and
decoder. During model training, the pre-training model designed can effectively expand the data to solve the problem of
model over-fitting. The experimental results show that, based on the proper adjustment of optimizer, learning rate and loss
function, the accuracy of remote sens‘ing images semantic segmentation in the validation database is about 95% by using
the extended dataset for training, which is significantly improved compared with the DeconvNet and UNet network
models.

Key words: deep learning; semantic segmentation; remote sensing image; deconvolution network
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