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Road Extraction of GF-2 Satellite Image Based on Convolutional Neural Network

SUN Zhuo, LI Dong-Wei, ZHAO Ze-Bin, ZHANG Qian-Qian
(School of Mechatronics and Information Engineering, China University of Mining and Technology-Beijing, Beijing 100083, China)

Abstract: More details may be lost and considerations of the surrounding environment of the road are inadequate when
extract the road from GF-2 remote sensing satellite which based on the deep neural network. Aiming at these problems
and based on the existing researches results, this study proposes an improvement proposal which using the full
convolutional neural network to extract road from remote sensing images. The scheme innovaﬁvé‘ly researches the
algorithm principle of the full convolutional neural network and outputs the pre-graded GF-2 images in a certain size.
Then, the output images and the corresponding labels are input into the improvéd full.eonvolutional neural network. At
last, a road extraction image with higher recognition accuracy is obtained by combining residual unit and increasing the
number of network layers. Experiments show that the effect on'road extraction of GF-2 satellite images is improved in the
same sample, the integrity and accuracy of the road are also improved.

Key words: deep neural network; residual unit; Full Convolutional Neural Network (FCNN)
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