LRGN ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2020,29(8):192—198 [doi: 10.15888/j.cnki.csa.007580] http://www.c-s-a.org.cn
O E RGBT TR . Tel: +86-10-62661041

H 4N (D)

54 T
A, T mg
'(PERLERE R, LR 100049)
(R EREER LR TR AR, PUH 110168)
THRIE#: FPZLH, E-mail: gyyl.4@163.com T\
18 i v T R ) R GO AR R AT IR B, 1T DR R R i S I 5 SO R IR ik R 2
S 21 22 G0 A 1) 5 BE A, /\AﬁﬁﬂfﬁﬁImi)ﬁ};*f%%ﬂﬁﬁ‘ﬁﬁ‘ﬂE&&‘ﬁﬁi*ﬁﬂzﬁ’ﬂ%ﬁ"ﬁ. P WS DN R €/ R RN GIRPO)
TR e L U B AR R B A E A R S A ST X AR DR L PTG R B R AR I SRR B U 1) X A
3T CNN AT LSTM I T 77 12 3 A7 CSCHE AN Py 7 T0E 75 TS T S ik _b VA5 A4 TE ALY, b 0 S [ 5 2 5 B
FIIH CNN 25 F53 4 25 [ 26 Fll Eﬁﬁiﬁﬁit%ﬁﬁgﬁ%mﬁﬁﬁ%%@*ﬁ, S 5 BAIE BH 1% 77 V5K T 35 24650 1 25 1E [ 2
0.142, $ i 7 B PR A, Ohof LI 18 55 28 405 1) R A v A R B AL 1 B e v L VR R 1 R B
KHEiA: %%ﬁk%ﬁlﬁﬁ?’ﬂﬂ; CNN; LSTM; X %55

SR FRATEL, T =0 BT CNN A1 LSTM 1B & TR0 42 1E 1% P 5 B 2 530 T v S 0L 2R 45 52 FH,2020,29(8):192-198. http:/www.c-s-
a.org.cn/1003-3254/7580.html

Prediction and Correction of Power Loss Data Based on CNN and LSTM
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Abstract: Data is the key basis for the stable operation of the power grid dispatching control system, in the process of data
collection, the lack of data due to hardware failure and other reasons will affect tﬂé integrity of the system data, which will
have a corresponding impact on the intelligence and efficiency of power grid dispatching. Therefore, the accurate
prediction of missing data is of great significance for the construction of smart grid dispatching system. In order to solve
the problem of missing data prediction of electric energy collection system in the field of power grid, this study improves
and optimizes the existing joint prediction method based on CNN and LSTM, adds a modified model on the basis of the
joint prediction model, and u‘ses»CNN" convolution neural network and the unique opposite side data scene modeling in the
electric power dataifor different missing data segments. The experimental results show that this method reduces the
average absolute error value to 0.142, which improves the accuracy of the existing prediction model and accuracy
guarantee for the intelligence and efficiency of power grid dispatching system.
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