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Chinese Named Entity Recognition in Medical Field Using CTD-BLSTM Model

ZHU Xi-Yong, WU Yang, LIU Chong
(School of Economics and Management, Zhejiang Sci-Tech University, Hangzhou 310018, China)

Abstract: In order to retain more characteristic information in the training process, this study uses pre-training word
vector and fine-tuning word vector to extend Bi-directional Long Short-Term Memory network (Bi-I;STM), and combines
the co-training semi-supervision method to deal with the feature of sparse annotated text in the medical field. An
improved model of Co-Training Double word embedding conditioned Bi-LSTM (CTD-BLSTM) is further proposed for
Chinese named entity recognition. Experiments show that compared with the d'riginal BLSTM and BLSTM-CREF, the
CTD-BLSTM model has higher accuracy and recall rate in the aﬁsence of corpora, the proposed method can better
support the construction of medical knowledge graph and the development of knowledge answering system.

Key words: Bi-LSTM; co-training; Chinese named entity recognition; question answering system; medical field
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BEAn ] &0 3 44 B HL 7903 D i 44 SEAR TR R S8 MedKAT
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