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Chinese Patent Text Classification Based on BiLSTM_ATT _CNN Model

DU Heng-Xin, ZHU Xi-Jun

(College of Information Science and Technology, Qingdao University of Science and Technology, Qingdao 266061, China)

Abstract: With the development of big data and artificial intelligence, it is possible to transform the manual processing of
patents into automated processing. In this study, combined with the advantages of Convolutional Neural Network (CNN)
to extract local features and Two-way Long and Short Term Memory neural network (BiLSTM) to serialize and extract
global features, the attention mechanism is introduced in the hidden layer of BILSTM, and a BILSTM_ATT_CNN
combination model for Chinese patent text data is proposed. The BILSTM_ATT_CNN combined médel improves the
accuracy of Chinese patent text classification by designing multiple comparison experiments.
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TCRIE R ] 7, 1eAZ 1 Ti A%t T To, X 3 Bl T4LRY, 1242
BT IR T, BESICIZEIEE BT U R, X
3 Foft 7] e [ e s 0 o] 5 T 24 AT IO 12 B T e R 2 B R
AR, BT, PTUAEIER — DM fR A IRz 4
MRS B2 2 55 BT A FEFE 1 R 2L 12120 T4, 25 4]
A2 HHE B BG40 A s P Bt oy,
PR A7 At 5 Tt P B AT 4.

LSTM 45 bk e LW R
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Wi S AEL A B, b fmE T, tF 5 A =t (1):
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232 CNN A
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AR Ly b

B HUR MINNM € REX4, M 2277t BILSTM
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e 5% 51, AR 5 M 1 ) SR, 6%
B I HE R N 3 ONN 4 2 AT R
HY, FEAE AL 2 K A k-max-pooling #E47 N A%, H i
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WEESPEMHN 4 FERZE ORT2948 3, 5,7,
11, N 128. % BILSTM.ATT CNN #8152 il
CNN. LSTM JjiZAHEL, i IRt f5, 4 25 8
L ALLRAF 2 Druid, i@t Superset 175 5 H .

SR A AR SCASE RS (¥ 43 SRR, A SCAf F BILSTM_
ATT_CNN B 5p 2R 3, 54 8 CNN. LSTM
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