5L RG] ISSN 1003-3254, CODEN CSAOBN
Computer Systems & Applications,2021,30(3):190—195 [doi: 10.15888/j.cnki.csa.007810]
O E RGBT TR .

E-mail: csa@iscas.ac.cn
http://www.c-s-a.org.cn
Tel: +86-10-62661041

ET ZREFNE XS B 3K R HHER

B iR, dKkREh, VR

(R IR T RHIRRE S BOR 2B, _Ei 201306)
THIREH: 5k % %), E-mail: aqzhang@fudan.edu.cn
8 B PO RMMICR B T AR s T 4 W 4%, DA 1077 1A K ZAFTE i R AL UL, 458 ] ik 4
(R FINK T AR AN, AT 200 2% R i UK 45 5. DR 17 SRR — R, AR SCERH 1 — e B EE OF 45 518 UM
SR SR A IO A RS A b, AR 200 145 B G T E N TR 00 ISR T, i e 5 1 2 B A
B 1 B AR IS SR X 2 SCIRIEAT B, SRR 2 S| FIT 7= A= 8 SO 525 LR P = R0 4 o R ) 1 4. 1
XUELVER SN, SEB0 R B, A SCHR L R RE A A R0 v b 3OOK AR S B v 2R 7 [l 2, 5 A R 2 A AR L
BA A7 B AU R AT AR d

KA {5 S AR, 5 ARG VE B AL A RS XA KL 4%

SIAE A BREE, 5K 22 8, AR I ﬁ?%*ﬁpﬂl%x{
3254/7810.html

B A S0k B ML R S0 ,2021,30(3):190-195. http://www.c-s-a.org.cn/1003-

¥

Chinese Relation Extraction Based on Multi-Granularity and Semantic Information

CHEN Yu, ZHANG An-Qin, XU Chun-Hui
(School of Computer Science and Technology, Shanghai University of Electric Power, Shanghai 201306, China)

Abstract: Chinese relation extraction adopts character-based or word-based neural networks. Most of the existing
methods have word segmentation errors and ambiguity, which will inevitably introduce a lot of redundancy and noise and
thus affect the results of relation extraction. In order to solve this problem, this study proposes a‘Chinese relationship
extraction model based on multi-granularity combined with semantic information. In this model, we merge word-level
information into character-level information, so as to avoid errors in sentenc"g: segmentation; use external semantic
information to model polysemous words to reduce the ambiguity caused by semanti¢ words; and adopt Dual attention
mechanism at character level and sentence level. The experimental.results show that the model proposed in this study can
effectively increase the accuracy and recall rate of Chinese relation extraction and has better superiority and
interpretability than other baseline models.

Key words: information processing; RE; attention; Word2Vec; Bi-LSTM
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