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Abstract: Aiming at the translation between different scene images, we prop&se ansdimproved generative adversarial
network model that can generate high-quality target scene images. In the process of generating a target image, the spatial
position information of the original image will lose due to down sami)ling. Therefore, a generative network that includes
jump connections and residual blocks is designed in this paper. By adding multiple jump connections to the network, we
can keep the spatial position information of the image transmitting in the network. At the same time, to improve the
stability of the generated image duriﬁg the training, we introduce the Structural Similarity Index Measure (SSIM) as a
structure reconstruction loss to guide the model to generate a target image with a better structure. In addition, in order to
make the translated target scene image retain more color details, we add an identity preservation loss, obviously
enhancing the color expressiveness of the target generated image. The experimental results show that the improved
generative adversarial network model proposed in this study can be effectively applied in scene image translation.
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K1 SERINERCE
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TensorFlowﬁ&ZIK 2.0.0
* Pythonffi A 3.7.0
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summer. winter F1PEKSI7 5t cloudy. sunny. HfE
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K3 MABEREE R AP bR A R

Bk PSNR SSIM
GAN 28.8914 0.7068
Pix2Pix 29.6726 0.7892
CycleGAN 29.8928 0.8132
AL 30.0114 0.8201
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