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Personalized Hybrid Recommendation Model Based on Deep Neural Network

NI Mei-Yu, CAO Wei-Gang
(Zhejiang Vocational College of Science and Trade, Jinhua 321019, China)

Abstract: Collaborative filtering algorithm widely used in the recommendation systems has the problems of sparseness
and cold start. For this reason, a recommendation model based on deep neural networks and dynamic collaborative
filtering is proposed in this study. The model combines a pre-trained BERT model with bidirectional GRU to extract
hidden feature vectors from users and commodity reviews. Furthermore, coupled CNN is used to construct the score
prediction matrix and the temporal changes in user interests are incorporated through dynamic collaborative filtering.
Finally, the experiments on an Amazon’s data set show that the proposed model increases theﬁaccﬁracy of commodity
score prediction. \ ,
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