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Prediction of Customer Churn Based on Spectral Regression

LI Guo-Xiang'?, JIANG Yi-Lin'?, MA Wen-Bin'?, XIA Guo-En'

!(Department of Academic Affairs, Guangxi University of Finance and Economics, Nanning 530003, China)
*(Guangxi Key Lab of Multi-source Information Mining and Security, Guangxi Normal University, Guilin 541004, China)

Abstract: In order to predict customer churn with large sample data, a customer churn prediction model based on spectral
regression was put forward from the perspective of feature expression, which took advantage of the spectral regression to
reduce the dimension of feature. On the basis of the original customer features, a distinguishing feature space of low
dimension is established by using the manifold dimension reduction based on spectral regression, and then we used the
support vector machine to realize the binary classification of customer churn prediction. The model was evaluated on two
different data sets of network customers and traditional telecom customers, aﬁd compared with different classifiers,
different feature reduction or selection methods, the experiment resuIt§ verify that the model is effective.
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