MRS ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2021,30(9):295-301 [doi: 10.15888/j.cnki.csa.008099] http://www.c-s-a.org.cn
O E RGBT TR . Tel: +86-10-62661041

ETEBERKRRESEERILIINS 7] WK
Bl E 75 EY

NI

(B 78 2 i G 24 Bt 5 5 401t Be, 1% 710100)

MIAE R 2R TEHE, E-mail: 284239257@qq.com

i B LA AT WO G R ak R H S B 40 4 2R 7 A ] 5t — R TR R 5 B B
ZLAN ST ROGER R E Tk, B, RN EARAR R R U5 2R U5 B 23 i 9 RAR R ALE 2 1R 2, 9 1 BE 2 R L
BB E a5 5, A S 1 i BCKHR Rk B 2 o3 i S il B2 A0t s B2 HEE TR B2 . iR EREEEEZ
IR, 23 0l SR FH AR B Y2 3 BE NS - 86 B2 X2 35 BE B . M e R AR il G B Rk, 9 1 )
SERCE B MR BN 5440 S0t 55 el L, SR Sl R A AR R, R, KRR RLA R A R R E A
BEMEEZEESNZEARREEE. Bt 2 ARG ER . BUWPEN 4 BRI, %7 AR A 02 IR G
A3 2, TEAL o o1 S AN VPR AL T HoAth MG R & 7 .

KHRIA): EIR Rl S 40 ,_F'—ﬁﬂﬁiﬁ'ﬁ%; WTEARRR R R T 5] S8

SRR R TR TEAR R R R I 5 ) Rk i A S5 T W UG A 7 iR RN R 4R L,2021,30(9):295-301. http://www.c-s-
a.org.cn/1003-3254/8099.html

Infrared and Visible Image Fusion Method Based on Latent Low-Rank Representation and
Guided Filtering

ZHU Ya-Hui
(School of Mathematics and Statistics, Shaanxi Xueqian Normal University, Xi’an 710100, China)

Abstract: This study proposes an infrared and visible image fusion method based on latent low-rank representation and
guided filtering to address the serious detail loss and the poor visual quality in‘the‘fusion. First of all, the source image is
decomposed by latent low-rank representation into low-rank layéns and salient layers. Then the low-rank layers are
decomposed by guided filtering into basic layers.and structural layers with the aim of extracting more structural
information from low-rank layers..According terthe characteristics of basic layers, structural layers, and salient layers,
visual saliency weighting, grqdient"saiiency weighting, and absolute maximum selection are used as fusion rules,
respectively. In particular, since the initial weight is noisy and unaligned with the object boundary, it is optimized by
guided filtering. Finally, the basic fusion layer, the structural fusion layer, and the salient fusion layer are overlapped to
yield the fused image. The subjective and objective evaluation results of several groups of fused images are compared.
The proposed method is found able to effectively extract the detail information of source images and superior to other
image fusion methods in terms of visual quality and objective evaluation.
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