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Facial Attractiveness Bvaluation System Based on Deep Learning

WANG Bing-Bing, MAI Cheng-Yuan, ZHUANG Jie-Ying, PAN Jia-Hui, LIANG Yan
(School of Software, South China Normal University, Foshan 528225, China)

Abstract: To address the problem of low accuracy and poor real-time performance of the facial attractiveness evaluation
system, we propose a new facial attractiveness evaluation system based on deep learning. In this system, the HOG feature-
based method and the FaceNet pre-training model are used for face detection and facial feature extraction respectively.
Furthermore, a two-layer decision model based on the Softmax classification layer and ReLU regression layer is proposed,
which is combined with the quantized values of local facial features to evaluate the facial attractiveness. Experimental
results on the SCUT-FBP5500 dataset show that the accuracy of the system is 78.58%, and the ayerage evaluation time of
a single image is 2.98 seconds, which can meet the needs of practical applications'f‘v
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