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Overview on Models and Applications‘of Support Vector Machine

LIU Fang-Yuan, WANG Shyi-Hua, ZHANG Yu-Dong
(School of Computer Science and Technology, Nanjing Normal University, Nanjing 210023, China)

Abstract: According to the development of support vector machine, this study reviews many literatures based on
applications in different domains, such as text classification, human body detection, vehicle traffic recognition, medical
examination, and so on. Meanwhile, the theory and development of support vector machine are both expounded in detail

from the principle of kernel function and its multiple classifications based on actual dataset. The potential improvements

of support vector machine technology are infinite. We look forward to see their development prospects.
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