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Survey on Dynamic Sign Language Recognition

WANG Zhe-Kai, FENG Yun-Xia, WANG Jia-Wen
(School of Information Science and Technology, Qingdao University of Science & Technology, Qingdao 266061, China)

Abstract: Sign language is a communication tool commonly used by people with hearing impairments or those who are
unable to communicate verbally. It utilizes gestures to convey actions and simulate images or syllablesithat form specific
meanings or words. With the continuous development of computer vision and deep learning, 51gn language recognition
technology has emerged and continued to develop, making it possible for hearing individuals to communicate with the
deaf or mute. However, the complexity and variability of dynamie sign language still pose challenges for its accurate
detection and recognition. To promote research in this field, this study conducts an in-depth review of existing dynamic
sign language recognition methods and technologies. Ffrst, the development history and current research status of
dynamic sign language recognition technology, commonly used dynamic sign language datasets, and evaluation metrics
for sign language recognition methc;ds are reviewed. Second, deep learning models frequently used in dynamic sign
language recognition are examined, and the challenges faced by dynamic sign language recognition technology, along
with corresponding solutions, are discussed. Finally, based on the current status of sign language recognition, the
challenges of dynamic sign language recognition are summarized, and an analysis and outlook are provided regarding the
potential improvements to sign language recognition performance in the next stage.
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Zhan % NP b —FR T 5 R4, 3T SR (R
[ T S, 36 PR 200 B 2 0 24 8T 25 =1 i
W TR I S, SR T 540 KB K
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